RoboBench: A Comprehensive Evaluation Benchmark for

e )% 3AAI
Multimodal Large Language Models as Embodied Brain

PEKING UNIVERSITY E:F ﬁﬂ?‘l 7T

EDY;

FUDAN UNIVERSITY

-HUMANDOID ‘
” ’g 4} ﬁ A r? 1L =3 A RN 2= A 81 3R oo il Yulln Luo® Chun-Kai Fan® Menghang Dong® Jiayu Shit" Xiangju Mi** Mengdi Zhao*' Bo-Wen Zhang* Cheng Chi*" Jiaming Liu* Gaole Dai* Rongyu Zhang?! .
University of Science and Technology Beijing - = - Ruichuan Ant Kun Wu® Zhengping Che®> Shaoxuan Xie? Guocal Yao? Zhongxia Zhao'? Pengwel Wang? Guang Liu> Zhongyuan Wang? Tiejun Huang*? Shanghang Zhang!# ECCV 2026 | MALMO | SEPT 8-12 |
Eit HE R 5B R A .IF PO 1State Key Laboratory of Multimedia Information Processing, School of Computer Science, Peking University 2Beljing Academy of Artificial Intelligence Project Page Dataset (HF)

3Institute for Brain and Intelligence, Fudan University “University of Science and Technology Beijing °Beijing Innovation Center of Humanoid Robotics
*Equal contribution  TProject leader  #Corresponding author

1. Motivation & Highlights

2. The RoboBench Benchmark — Taxonomy, Performance, Downstream, and Task Walkthrough
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4. Demo Cases — One per Capability 5. World-Simulator Evaluation 6. Leaderboard & Key Findings 7. In-depth Analysis & Takeaway
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= Scene-grounded: the model must read the actual image / video, not recall priors How a plan is judged — not by wording, but by whether it runs: Pearonis:
Formats: every task is multiple-choice — except planning, which requires structured plan = Annotate: experts encode each task as a dependency DAG over atomic actions (skill, object, args) = Closed > open source: ~20 points on average (~50% relative) — widest in instruction (~28) and planning Object-centric perception predicts CALVIN (r = 0.88); affordance (static+dynamic) predicts LIBERO-10 (r = 0.68)
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solve RoboBench. downstream: diagnose and improve those, rather than only scaling end-to-end data.
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